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4 High-stable group
Moderate-stable group Hich 1 3.0 2.5 10.9
Moderate-decreasing group o igh-stable (0.0,6.1) | (0.1,4.9) | (5.2,16.2)
Low-stable group g R B ’
= 3 &h
=
E = 34 2.8 12.3
g Moderate-stable —
5 % (0.0,7.1) | (0.0,5.7) | (4.0, 19.8)
5 24 =
Z £
5 & Moderate-decreasing — 2L = U
e § £ (0.0,4.4) | (0.0,3.6) |(2.4,12.9)
5 1A =
O
T Low-stable - 1.5 1.2 5.5 11.4
o (0.0,3.0) | (0.0,2.5) | (2.3,8.6) | (4.9,17.5)
T T T T T T T T T T T T T T T | I I I
Time since index date {months) stable decreasing stable stable
Number of patients . . .
High-stable group 248 171 155 118 108 89 94 87 87 8 72 68 72 63 58 Proteinuria trajectory group
Moderate-stable group 98 64 72 53 56 55 51 38 45 42 34 36 29 38 32 | —
Moderate-decreasing group 136 95 101 93 85 64 o064 56 43 56 50 37 47 36 43 I | [
Low-stable group 273 151 179 146 153 147 122 117 109 90 105 & 88 87 83 5 10 15 20
4-Year Risk of eGFR reduction >50% (%)
REBERD b7 v £ 71 | EE S & RE N AT
MREEHRDOD Ny F 7128, 5YURTDIABRERE ZRITEN AIEE

5lAIt:Yano Y, Suzuki Y, Kashihara N et al. Nephrology 2023
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ttps://www.min-iren.gr.jp/?p=26969

AN CIENFWIZD

~kESLEFENS0E) & OMEREBICET ST~
MFE & BEEHY 27T 3EFHEE (B4) | ™

07352 01R%E. P<.001

(REmE el =mE
(n=810 [19.0%]) (n=1661 [39.0%])

AR SDRBERERER (%)
wJd
|

& q)c;;:@‘; O;” 21
0 s 50 o PEAOMmER
£ 00 8 =)\ (rEsnEas) & 14 I]
= B o %o BMZEER) Z 2 HE L\ i
H 0 2 O °©o © 3:%[ 0 -
EQ % - | T [
™ 0 2 4 6
D0 IS c : U ZOA%&(Number at Risk) EmEE ()
g S TAES 1661 1373 720 313
O SRR R SR (RERE 810 681 394 187
' (n=1177 [27.6%]) (n=613 [14.4%]) =Eee=Tlilaa 613 516 255 99
~140/90 YR (EFME) 1177 1005 515 231
o) 2=y oMmE. mmHg
K i MR RESNE — EREME —— B |
[ 4

) ) . HAr:Fujiwara T, Yano Y, et al. JAMA Cardiol. 2018
BE ‘4 TORFEESEE 5



BETADHTZHZRAICKY,

ARDNRISELSDAREIENDH D

ACCORD—BP (i % ¥ & MAE 3> b O — JL DR % HREEL 7RCT) ~
B FE (RESFEREE) WE (—ATEE)
| BRAR RN & - BRAR 7R E &
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3 VISR 0 JVIFZHRRL
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40 >
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Hrr: Inoue K, Yano Y et al., / Am Heart Assoc. 2024
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ChatGPTZA\W7/- 511

0| & DIE

FREPHREFETRCEREX?
Elx (GPT-4)

2BED“SEEH” DERKI R

‘spewnoleye/:dny woiy papeojumo(]

Relevance of ChatGPT's Responses to Common
Hypertension-Related Patient Inquiries

Yuichiro Yano®, Akira Nishiyama®, Yusuke Suzuki®, Satoshi Morimoto®, Takashi Morikawa®, Tomohito Gohda®,

Hiroshi Kanegae, Naoki Nakashima®

els, powered by cutting-edge deep learning method-

ologies, emulate human-like interactions by adeptly
responding to natural language queries. For patients, it
serves as a readily accessible and convenient source of
general insights on diseases, symptoms, treatments, and
potential side effects. Incorporating dialog-based Al (eg,
ChatGPT) into medicine may hold promise, but careful
planning, ethical considerations, and continuous over-
sight are necessary to ensure patient safety and optimal
health care outcomes.'?

Previous research has highlighted-that ChatGPT pro-
vided largely appropriate responses to queries related
to the prevention of cardiovascular diseases.®* However,
these questions were formulated by experts in preventive
cardiology and grounded.in established. guidelines. The
evaluators assessing GPT's responses were cognizant of
the fact that they originated from ChatGPT, introducing
a possible bias. Moreover, the consistency in the quality
of GPT's answers when posed in English compared with
other languages (eg, Japanese) is yet to be conclusively
determined.

D ialog-based artificial intelligence (Al) language mod-

responses were consistent across all 3 requests. From this
set, we identified 21 pertinent questions for our investigation.
English inquiry: we then made a similar request in English:
“Please provide a list of frequently asked questions from
patients with hypertension” ChatGPT-4 provided a list com-
prising 30 questions. Notably, 20 of these questions coin-
cided with those from the Japanese list.

Final selection: based on the ve results, we included
these 20 questions in our detallgd’sttidy.(Table). We posed
each question to ChatGPT-4 in both Japanese and English
and recorded the responses. For the evaluation phase, each
response, both in Japanese and English, was assessed by 3
accredited.hypertension or nephrology-specialists (SM, TM,
and T.G.). The reviewers were led to believe that a medical
resident provided the answers, unaware that they were actu-
ally generated by'ChatGPT-4: They were tasked with grad-
ing each response as either “appropriate” or “inappropriate”
based on the answer's alignment with the reviewer's medi-
cal-knowledge. Additionally, reviewers were asked to decide
which version of the response (Japanese versus English)
was superior interms of accuracy, comprehensiveness, pro-
fessionalism, and level of detail.

ATHIEE J AR (FHEE) J

VS T

v ChatGPT-4IcEMFICRT S5 20D EH =R
(BAEE. HED2DD/IN\—Ia I TIERR)

v FOEZZEMMMEENEATZIELTIYRAXII LT,
=M 3R HET

ChatGPT TORIEDEFHICEZS

o HAFEDEIZNDS5%IL. FHEEL UTEFMICEZY
o ZIMEMICOVWTREDEEHNDHEHERELVE
BNTWS, XEERF

5lAJt:Yano Y, Nishiyama A et a; Hypertension 2023
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